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Executive summary 
 

Workforce records offer an important opportunity to assess the effects and value for money 
of management and leadership training in the Civil Service. They can help answer key 
questions such as: are managers who receive training more likely to improve their 
performance, gain promotion, remain in post, or take less sick leave? And do their team 
members also experience better workforce outcomes? Because workforce records are 
routinely generated through departmental HR systems, they allow such questions to be 
explored without additional data collection costs. However, these records were not 
originally designed for evaluation. Repurposing them for research therefore introduces 
unique methodological, technical, and governance challenges.  

Drawing on a feasibility assessment of using workforce records in three training evaluations 
across the Civil Service, this report presents lessons learned and practical guidance on 
addressing challenges in using workforce records. It provides step-by-step advice on:  

●​ Variables and data requirements in workforce records to enable evaluation 

●​ Econometric models and statistical power calculations 

●​ How to link training registration data to workforce records 

●​ How to enhance consistency of workforce records over time and across different 
Civil Service departments for evaluation 

●​ How to address data security and privacy considerations when workforce records 
from multiple departments are used for centrally-led evaluations.  

The report concludes with recommendations for embedding workforce record-based 
training evaluation within the Civil Service.  
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Key messages 
 

Evaluation of a training programme through workforce records is feasible and 
recommended when: 

●​ Prior evidence supports the plausibility of workforce outcomes – for example, 
pre-post participant surveys show effects on theory of change outcomes that 
precede workforce outcomes (such as improved management practices). Where no 
changes in participant management practices are observed, subsequent effects on 
outcomes such as promotion trajectories are implausible. 

●​ Sufficient statistical power is available – requiring workforce records for at least 
1,000 managers who have participated in the training and at least 1,000 matched 
controls, with training participation occurring on average two or more years ago, and 
at least one year of pre-training workforce data. 

●​ Participants are concentrated in a small number of departments – and those 
departments maintain workforce records that can be harmonised across time. As a 
proof of concept, an initial evaluation may focus on a large-scale programme within 
a single major department with sufficient statistical power, thereby avoiding 
challenges of data access and consistency across multiple departments. 

●​ Evaluators have access to monthly, pseudo-anonymised individual-level 
workforce records. 

●​ Training registration records can be matched to workforce records using 
individual identifiers (such as names or email addresses). This requires either: 

○​ Evaluators having access to individually identifiable records; 

○​ Evaluators being seconded into departments to merge records; or 

○​ Departments merging workforce and training records themselves using 
evaluator-provided code, then sharing pseudo-anonymised records. 

●​ Privacy notices of departmental workforce systems permit data sharing of 
pseudo-anonymised or personally identifiable records for research and evaluation 
purposes. 

●​ Each participating department completes a Data Protection Impact 
Assessment (DPIA) and signs a Memorandum of Understanding (MoU) with the 
Cabinet Office to govern data transfers. The Cabinet Office then signs a 
data-sharing agreement with any external contractor involved in the evaluation. 
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Introduction 
 

An effective Civil Service requires effective management and leadership. Management and 
leadership training programmes are one potential avenue to secure effective management 
and leadership. This puts a premium on understanding the effectiveness of management 
and leadership training programmes. 

Drawing on a feasibility assessment of using workforce records in three training evaluations 
across the Civil Service, this report provides guides on the use of workforce records to 
evaluate management and leadership training programme effectiveness in the Civil Service. 
The report is intended for evaluators interested in using Civil Service workforce records to 
evaluate the impact of training programmes and assumes readers are familiar with basic 
impact evaluation methods. 

Every Civil Service department operates a payroll, issuing regular – typically monthly – 
payments to its employees. At their most basic level, payrolls register the name of the civil 
servant receiving the payment, the organisation in which they are employed, the payment 
amount, and the month and year of the payment. In many Departments, payroll records are 
linked to information stored in Human Resource Management Information Systems 
(HRMIS). Such information may include, for instance, an employee ID, gender, age, working 
hours, job title, rank, sick leave and performance rating (de Albuquerque Tavares et al., 
2023). In conjunction, payroll and HRMIS records form the basis for workforce records in 
Civil Service departments. 

Theories of change of training programmes typically posit several training outcomes which 
are observable in such workforce records. Upskilling managers in management and 
leadership should improve managerial performance ratings. Greater performance should 
help managers secure promotions (Schuster and Steenmans, forthcoming). Moreover, the 
teams with managers whose management and leadership skills improve with training 
should see improved workforce outcomes – including lower sick leave and better retention 
(see, for example, Sørensen et al., 2020).  

Workforce records can help shed light on these key effects of management training. Are 
managers receiving training more likely to improve in their performance ratings after training, 
stay in the organisation, get promoted and report lower sick leave, compared to those who 
do not? And are their team members more likely to stay in the team, report lower sick leave, 
and have better performance ratings compared to team members of managers who have 
not been trained? Workforce records – which typically extend back in time – can help 
evaluators understand the difference-in-difference in post-training outcomes of managers 
receiving training and those who do not.  

By shedding light on these questions, workforce records complement other data sources – 
such as surveys and interviews with training participants (cf. Schuster and Steenmans, 
forthcoming) – and help understand training effects on actual workforce outcomes, going 
beyond perceptions of training participants or their subordinates. 
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Contrary to interview and survey data, workforce records offer a key advantage: they do not 
require data collection. Civil Service departments generate these records as part of their 
daily operations, when paying civil servants (de Albuquerque Tavares et al., 2023). The 
flipside of this advantage, however, is that these records are not created for evaluation. 
Repurposing them to evaluate training effectiveness – and management practices more 
generally – thus requires dedicated effort and presents unique challenges, in particular in 
the Civil Service, which lacks centralised workforce records. 

Drawing on a feasibility assessment of using workforce records to evaluate three Cabinet 
Office-led management training programmes – Foundation, Practitioner and Senior 
Practitioner – this report presents lessons learned and how-to go guidance on using 
workforce records in future training evaluations. 

The report covers five key challenges and how to address them. First, variables and data 
requirements for training evaluation are discussed. Second, econometric models and 
statistical power for training evaluations with workforce records are detailed. The first two 
sections thus contextualise the kind – and amount – of workforce data needed. 
Subsequently, the report reviews the format and structure of central training registration 
data, including approaches to link this data to workforce records. Fourth, the report 
contrasts workforce records with data needs for evaluation, including the challenge of 
ensuring consistency of records across organisations and time. Fifth, the report assesses 
data security and privacy considerations when workforce records from multiple 
departments are used for centrally led evaluations, and provides guideposts to address 
these concerns.  

The report concludes that the use of workforce records in training evaluations in the Civil 
Service is feasible, but would benefit from: beginning with a single-department proof of 
concept; delaying underpowered evaluations until sufficient data are available; and 
sequencing evaluation approaches along the theory of change, drawing on evaluations 
using workforce records only for training programmes which have been found to change 
managerial practice (for example using pre-post surveys).  
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Workforce records: data requirements for training evaluation  
​
Evaluating the effects of training programmes on workforce outcomes requires, first and 
foremost, access to workforce records capturing key outcomes, such as: 

●​ promotions – typically measured by an employee’s grade increasing from one 
month-year to the next 

●​ turnover – typically measured by an employee exiting workforce records in a given 
month-year 

●​ performance – typically measured by the annual performance rating recorded for 
each employee 

●​ health – typically measured by the number of sick days registered for an employee 
in a given month-year. 

The more of these variables that are recorded, the more comprehensively training outcomes 
can be assessed.  

Where data is available for only one or a few departments, measures of turnover and 
promotion reflect organisational rather than Civil Service–wide outcomes. Promotion thus 
captures internal advancement within the organisation, while turnover reflects retention 
within it. The latter, however, requires careful interpretation: managers who receive training 
may move to higher-grade positions in other Civil Service departments. In such cases, 
organisational turnover may correspond to a promotion within the wider Civil Service. 
Without government-wide workforce records, findings on turnover effects should therefore 
be treated with caution. 

Identifying team members 

To assess not only the effects on training participants but also on their teams – an important 
though not essential extension – records must include at least one of the following: 

●​ An identifier of each employee’s line manager for a given month or year. 

●​ The organisational unit within the department in which the employee works. 

In the first case, team members of managers receiving training can be directly identified, as 
the records specify which employees report to each training participant. This is a first-best 
as training effects on team members of trained managers – that is the effect on those who 
experience (different) management practices by trained managers – can be directly 
identified. Several Civil Service departments contain an identifier of each employee’s line 
manager in their records.  

In the second case, team members are identified by focusing on organisational units where 
the participating manager is the highest-graded employee. This serves as a second-best 
approach when a direct link between employees and their immediate superior is 
unavailable. It reduces statistical power, since managers who are not the top-graded 
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employee in their unit are excluded. Moreover, this approach includes not only direct 
reports but also employees who report indirectly through subordinate line managers. 

With data that identifies team members collected over time, evaluators can trace the 
workforce trajectories of both participants and their team members before and after 
training. The feasibility of this approach has been demonstrated in past evaluations – for 
example, the Department for Education’s (2021) assessment of the Practice Leadership 
Development Programme, which tracked the career trajectories of participants and found 
that many achieved promotions several years after completing the training. 

Creating control groups 

Analysing only the post-training outcomes of participants poses an immediate challenge: 
how can evaluators determine whether observed changes are due to the training itself? For 
instance, in the Department for Education example, it remains unclear whether participants’ 
promotion trajectories were faster than those of similar managers who did not receive the 
training. 

Evaluating the effect of training therefore requires the construction of a control group – a 
group of comparable managers who did not participate in the training. Ideally, this control 
group should resemble the treatment group as closely as possible in terms of 
demographics, professional background, and pre-training career trajectories – thus leading 
to an expectation of similar post-training outcomes for the control group had the treatment 
(training) group not participated in the training.  

Constructing such a comparison requires workforce records containing: 

a.​ Additional variables.  

The more variables available, the more rigorous the evaluation can be, as a control group 
that more closely matches the training group on observable characteristics can be 
constructed. Key variables include, for example: 

●​ unique employee identifier (for longitudinal tracking) 

●​ department 

●​ division, unit, or team identifiers 

●​ job title 

●​ pay 

●​ location 

●​ gender 

●​ age 

●​ education 

●​ ethnicity 
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●​ working pattern (full-time or part-time) 

●​ profession 

●​ disability 

●​ workforce outcomes (for example, grade, performance rating, sick leave). 

 

b.​ Individual-level data 

Matching training participants to comparable non-participants requires access to 
individual-level data. Even if direct identifiers (for example, names or email addresses) are 
removed, the presence of detailed demographic and employment variables means that 
analyses may still involve potentially identifiable data. Data privacy and protection 
implications are therefore discussed further below. 

c.​ Access to records of non-training participants 

Constructing a valid control group also requires access to records for not only training 
participants and their teams but also other managers within the same department (and 
ideally the same division) and their teams. 

Accounting for selection effects 

Constructing a control group based on professional and demographic variables ensures 
that managers receiving training are compared to managers not receiving training with 
similar observable characteristics. However, what if managers voluntarily select into training 
and do so because they are motivated to improve their management skills and obtain 
higher management ranks? This is not implausible. In the evaluation of the Foundation, 
Practitioner and Senior Practitioner management training programmes in the Civil Service, 
for instance, between 81% and 98% of participants voluntarily chose to participate in the 
programmes – rather than their organisation or profession requesting them to do so 
(Schuster, Steenmans and Woodhouse, 2026). 

Managers who choose to participate in training may differ from those who do not. If such 
self-selection reflects unobservable traits – such as motivation to achieve promotion – then 
comparing participants and non-participants could produce biased estimates, attributing 
outcomes to training that are in fact due to these pre-existing differences. 

The gold-standard solution is a randomised controlled trial (RCT), in which managers 
motivated to take training are randomly assigned to early (treatment) or later (control) 
training cohorts, and their workforce outcomes are compared until the control group also 
receives training (see Schuster and Steenmans, forthcoming). As the comparison is only 
among managers motivated to take training, and as assignment to earlier training is 
random, selection effects do not bias estimates about training effects. 
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Randomisation, however, is often impractical – particularly for long-running training 
programmes, which are typically required to generate sufficient post-training month-year 
data for evaluation, as detailed in the statistical power discussion below. 

In such cases, a second-best solution is to construct a control group with similar 
pre-training trends. If managers in the control group exhibit similar promotion, performance, 
and sick leave trajectories prior to training, it is reasonable to assume that they share similar 
underlying motivations to perform at work and advance their careers. Implementing this 
approach, however, requires access to multi-year data—ideally at least two years before the 
training, plus time after the training period. 

Summary of data requirements 

Because training is often delivered at different points throughout the year, sometimes in 
staggered cohorts, monthly individual-level data is needed for both treatment and control 
group managers—and, where possible, their team members—covering periods before and 
after training. 

Table 1 illustrates the structure of a departmental dataset required for such analysis, with 
example variables. 
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​
Table 1. Example workforce records dataset for training evaluation ​
(prior to merging in training registration data, where such data is stored separately) 

Month Year 
First 
name 

Last 
name 

Division Staff ID Gender 
Date of 

birth 
Date of 
entry 

Working 
hours 

Job title Grade Salary 
Perf. 
rating 

Sick​
leave 

Location 
Line 

manager 

January 2024 John Doe HR 12345 M 
1980-05-

20 
2010-01

-15 
40 Manager G7 4000 Met 1 day London 

Jane 
Smith 

January 2024 Mary 
John-
son 

Education 
Policy 

67890 F 
1975-09-

12 
2015-03

-10 
20 Teacher G7 3800 Exceeds 0 Bristol Sam Patel 

February 2024 John Doe HR 12345 M 
1980-05-

20 
2010-01

-15 
40 Manager G6 4500  0 London 

Jane 
Smith 

February 2024 Mary 
John-
son 

Education 
Policy 

67890 F 
1975-09-

12 
2015-03

-10 
20 Teacher G7 3800  0 Bristol Sam Patel 

​
Source: Author’s own illustration 

 



 

Econometric models and statistical power 

​
Econometric models 

To assess training effects, evaluators compare post-training workforce outcomes of 
participants with those of a matched control group of managers who did not receive the 
training. The estimand of interest is the difference-in-differences (DiD) in outcomes between 
treated and control managers before and after training, under the assumption of parallel 
pre-treatment trends. 

In a single-cohort randomised trial where all treated managers receive training 
simultaneously, this effect can be estimated using a conventional DiD regression comparing 
average pre- and post-intervention changes between groups. 

In most practical settings, however, training is delivered in multiple cohorts over different 
months or years. When treatment timing varies, standard two-way fixed-effects (TWFE) DiD 
estimators can yield biased estimates if effects are heterogeneous across cohorts or over 
time. In such cases, evaluators should use staggered-adoption estimators – for example, 
the Callaway and Sant’Anna (2021) or Sun and Abraham (2021) approaches – which recover 
cohort- and time-specific average treatment effects on the treated (ATTs). These 
frameworks also support event-study analyses to examine dynamic effects (for example, 
one, two, or three years after training) and to test for pre-treatment trend violations. 

A further complication arises from selection on survival. Managers who exit the organisation 
are no longer observed in later periods, meaning that attrition is both an outcome of interest 
and a potential source of bias for other outcomes. Because training itself may influence the 
probability of exit, evaluators should treat retention and post-retention outcomes as 
separate estimands: 

●​ Retention / turnover effects: Modelled directly using an event-time DiD design (for 
example, stacked-cohort or Callaway–Sant’Anna estimator) to estimate how training 
affects the hazard or probability of exit over time. 

●​ Conditional outcomes among survivors (performance, promotion, well-being): 
Estimated using the subset of managers who remain employed, applying 
Inverse-Probability-Weighted DiD (IPW-DiD) or related methods to reweight for 
differential survival probabilities based on pre-training covariates and employment 
history. This adjusts for non-random attrition under a selection-on-observables 
assumption. 

In all cases, inference should account for clustering at the manager or organisational-unit 
level, and sensitivity analyses (for example, bounding or placebo tests) should be 
conducted to assess robustness to violations of parallel trends or selection assumptions. 

 

 

 



 
 
Statistical power  

Statistical power calculations – and thus understanding how many observations are 
required for analysis – require, in the first place, clarity about expected training effects: how 
large of an effect could the training plausibly have on performance, promotion prospects, 
health and retention of managers?  

The answer depends on the length and intensity of the programme. Plausibly, it also 
depends on the prior knowledge and skills of managers taking the training – including 
whether the training is their first management and leadership training, or one of many they 
have taken in the past. Finally, it depends on the outcome. Management skills training, for 
instance, might be expected to have larger effects on performance ratings of managers 
than their health. Separate statistical power calculations might thus be needed for different 
outcomes.  

Because many factors outside the training programme influence these outcomes, it is 
prudent to use conservative assumptions and plan for small effects of trainings on 
outcomes (for example, 0.05 standard deviations) and conduct separate power analyses by 
outcome. In staggered rollouts, timing heterogeneity and attrition also require attention. 

As a rule of thumb, for a minimum detectable effect (MDE) of 0.05 SD, with monthly 
organisational turnover of 1% and monthly promotion rates of 1%, a practical design is: 

●​ ≈ 1,000 trained managers and ≈ 1,000 matched controls 

●​ ≥ 24 months of post-training follow-up 

●​ ≥ 12 months of pre-training data (ideally 24) to stabilise fixed effects and pre-trends. 

This configuration typically delivers ~80% power at α=0.05. If attrition (turnover of 
managers) is higher than assumed, the training is less intensive or participants have gone 
through many previous management or leadership training programmes – and thus even an 
effect size of 0.05 SD would be optimistic – either the post-training window and/or the 
number of trained participants require an increase.1 

Training records 
​
Ideally, the analysis would rely on a Human Resource Management Information System 
(HRMIS) which integrates payroll records, HRMIS and training records – that is records of all 
training taken by a civil servant since joining the Civil Service. Some governments count on 
long-standing systems of this nature. In Brazil, for instance, all training undertaken since 
2006 by Federal Government employees – be that training organised by individual 
government departments or the central governmental National School of Public 
Administration – are registered in an HRMIS and linked to individual personnel records (Kim, 

1 This refers to the number of participants receiving training and a matched control group of 
managers. To estimate effects on team members, ideally records from all team members of these 
training participants and control group managers are added to the sample. 
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2025). In this instance workforce records are already integrated with training registration 
records, requiring no merging work. Moreover, the records contain all training programmes 
undertaken by Federal Government employees. A central record of training programmes has 
three key analytical advantages for training evaluation: 

●​ Economies of scale: a single, standard evaluation pipeline can estimate the effects 
of all management and leadership programmes on workforce outcomes, 
dramatically lowering the per-programme cost and ensuring consistent methods and 
metrics. 

●​ Greater robustness: because each employee’s full training history is visible, analyses 
can control for exposure to other courses. This reduces confounding and prevents 
misattributing the effects of one programme to another. 

●​ Dose-response insight: with complete histories, analysts can estimate the marginal 
returns to additional training – comparing participants with and without prior 
management or leadership courses – to identify thresholds or diminishing returns 
(that is, when extra courses stop adding value). 

In the Civil Service at the time of writing, individual departments register training separately 
from training commissioned by the Cabinet Office. Moreover, records of Cabinet 
Office–commissioned training are currently not integrated into HR systems but are retained 
in a separate system, from which an Excel sheet can be manually extracted. This has three 
important implications for using workforce records to evaluate training effectiveness.  

First, economies of scale are lowered, as evaluations of workforce outcomes are restricted 
to those trainings whose records can be assessed.  

Second, the analysis can only estimate the effects of training on workforce outcomes 
conditional on attendance in some (but not all) other training programmes. Reconstructing 
the full training history of treatment and control group managers would require merging 
training records from managers’ current departments (and from departments they 
previously worked for) with the Cabinet Office’s centrally held records. This is likely 
infeasible and disproportionate in resource requirements relative to the objectives of the 
evaluation. It limits dose–response insights and introduces a risk of confounding – for 
instance, if control group managers were more likely to have completed prior management 
training recorded in systems to which analysts do not have access. 

Third, a procedure for merging training registration data with workforce records is required, 
as the two are not integrated and there is currently no central Civil Service staff ID that 
uniquely identifies individual civil servants. As a result, there is no unequivocal identifier 
available to link the datasets. Cabinet Office training registration records do capture the 
name and email address of participants as second-best identifiers for matching to 
personnel records. However, these fields are not drawn from HR systems but entered 
manually. Names therefore need not match exactly (for instance, first and middle names 
may appear in personnel records but not in training records), and email addresses may also 
differ (some participants supply personal email accounts). Fuzzy matching is thus required 
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where needed, and analysts will require access to personally identifiable workforce and 
training records to perform the linkage. 

Workforce records in Civil Service departments 
​
Workforce records in the Civil Service are maintained by individual departments, without 
centralised Cabinet Office access to individual-level data. This presents several challenges 
for the resource requirements and rigour of training evaluations based on workforce data: 

●​ Departmental ownership and access restrictions: workforce records are maintained 
by individual departments. Consequently, each department sharing data must 
complete a separate Data Protection Impact Assessment (DPIAs) and Memorandum 
of Understanding to share data. This arrangement restricts access to workforce data 
to only a subset of departments, preventing the evaluation of cross-departmental 
promotions and limiting the ability to distinguish between organisational and Civil 
Service-wide turnover. 

●​ Inconsistent variables across departments: Civil Service departments record 
different variables in their workforce datasets. Two key outcomes – organisational 
retention (measured by continued presence in workforce records) and promotion 
(grade changes) – can be estimated across all departments whose stakeholders 
were engaged for this study, as all record these variables. Other outcomes, such as 
performance ratings and sick leave, are only available in some departments. 
Estimating effects on these outcomes therefore requires a sufficient number of 
training participants within the subset of departments that capture these outcomes 
(see Statistical Power above). Moreover, demographic and professional information 
varies in scope and quality. To illustrate with two examples, some departments 
reliably record education levels, while others do not; some track who line manages 
whom, others do not. As a result, constructing comparable control groups across 
departments necessarily relies on variables common to all, yielding a weaker set of 
matching criteria. 

●​ Variation in data format and structure: Workforce records differ in format across 
departments, requiring additional resources for data cleaning and harmonisation 
before analysis can begin. 

●​ Inconsistency over time: Workforce record structures are not always stable, 
especially following organisational changes and the introduction of new workforce 
systems. For example, after departments merge, they may establish new workforce 
systems. The resulting discontinuities in such instances increase the effort required 
to harmonise historical data and, in some cases, make it impossible to construct 
consistent longitudinal records into the past. Estimating training effects on outcomes 
therefore depends on having a sufficient number of training participants in 
departments with workforce records that are consistent (or can be made consistent) 
across enough years to allow for pre-training trend estimation (see Statistical Power 
above). 
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While the limitations described above currently increase the resource demands and 
constrains the potential rigour of training evaluations based on workforce records, they may 
not be permanent. The Interoperability OneData initiative within the Government People 
Group is working to enhance the use of workforce data for management and evaluation 
purposes –for example, by introducing a Central Employee Identifier (CIE) to track civil 
servants across departmental moves and by advancing the integration of workforce data 
systems (Government People Group, 2025). As these developments progress, training 
evaluations using workforce records will become more cost-effective and rigorous. 

Data protection and access 
​
Accessing personally identifiable workforce records of thousands of managers and their 
team members in the Civil Service raises both data security and data privacy 
considerations. These considerations require relevant staff to review and comply with 
departmental data protection processes and procedures. The following issues warrant 
particular attention during that review. 

Data security 

Workforce records contain sensitive personal data that must be protected to ensure that 
only authorised individuals can access them and that records are safeguarded against 
unauthorised disclosure or cyberattacks. Such attacks have previously targeted 
government workforce systems (BBC, 2024), contributing to reluctance of some 
departments to share workforce records for research and evaluation purposes. 

Both data storage and data transfer between the department holding the workforce records 
and the entity conducting the evaluation must therefore comply with robust security 
standards. Ideally, these include practices consistent with ISO/IEC 27001 certification or 
equivalent government information security standards. 

Where possible, analysis should take place within secure, government-accredited research 
environments, with access limited to researchers directly involved in the evaluation, subject 
to comprehensive access logging and time-bound data retention restricted to the duration 
of the project.  

Data privacy 

Because workforce data are personally identifiable, their use for evaluation requires a lawful 
basis under the UK General Data Protection Regulation (UK GDPR) and the Data Protection 
Act 2018. 

The most appropriate lawful basis is typically ‘public task’ (Article 6(1)(e)), where processing 
is necessary for the performance of a task carried out in the public interest or in the 
exercise of official authority. Where special category data are included – such as health 
information or data on protected characteristics (for instance ethnicity) – an additional 
condition under Article 9(2)(g) (substantial public interest) or Article 9(2)(j) 
(research/statistical purposes) is required. 
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To support this lawful basis, the privacy notices associated with departmental workforce 
systems should be updated to inform civil servants that their personal records may be used 
and shared with third parties for research and evaluation of people management and 
training practices across the Civil Service. 

Data processing must be necessary and proportionate to the evaluation purpose. 
Proportionality means that the scale and intrusiveness of data use are justified by the 
importance of the policy or evaluation question. To evidence this, each department 
providing data needs to complete a Data Protection Impact Assessment (DPIA) 
demonstrating that the data use is necessary, proportionate and subject to appropriate 
safeguards.  

In line with the GDPR principle of data minimisation, only the information strictly required for 
the evaluation should be accessed. Prima facie, this would ideally mean: 

●​ using pseudonymised identifiers instead of names, employee IDs, or email 
addresses 

●​ limiting access to workforce records of managers and team members who form part 
of the treatment (training) and control groups. 

The latter, however, presents an immediate challenge to the feasibility of evaluation. 
Matching training registration records to workforce records – for example, via names or 
email addresses – requires access to personal identifiers. Similarly, constructing a control 
group with characteristics matched to the training group necessitates temporary access to 
a broader pool of managers at comparable grades to identify suitable matches. This 
temporarily increases the amount of identifiable data processed for evaluation purposes. 

A possible way to balance evaluation feasibility with data minimisation is for departments to 
perform the data linkage and pseudonymisation internally, following code and 
specifications provided by evaluators: 

1.​ Departments match Cabinet Office training registration data with workforce records 
using code supplied by evaluators. 

2.​ Departments identify control group managers and their teams using code supplied 
by evaluators. 

3.​ Departments subset the dataset to training participants, control group managers, 
and their team members. 

4.​ Departments aggregate demographic variables (for example, grouping age into 
five-year bands) using code supplied by evaluators, to reduce the risk of individual 
identification of civil servants based on demographic variables (though the data 
remains potentially personally identifiable). 

5.​ Departments replace direct identifiers (examples: name, National Insurance number, 
employee ID, email) with a pseudonymous ID generated using evaluator code. 

6.​ Departments share the pseudonymised merged dataset with evaluators for analysis. 
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While this approach strengthens privacy protection, it significantly increases departmental 
resource requirements. Moreover, evaluators must develop and test code without direct 
access to raw data, requiring iterative exchanges and – potentially – the use of anonymised 
dummy datasets provided by departments for code development. 

As a potential remedy, where feasible, evaluators could be seconded into departments, 
allowing them to work directly on the data within departmental secure systems. This 
reduces data transfer needs but introduces its own logistical and resourcing challenges. 

To enable the secure sharing and merging of pseudonymised workforce data from multiple 
departments, a formal Memorandum of Understanding (MoU) or Data Sharing Agreement 
(DSA) must be established. These agreements should clearly specify the purpose of the 
data sharing, its lawful basis, security measures and approved data environments, data 
retention and deletion timelines as well as roles and responsibilities, including contact 
points and oversight arrangements. All agreements must be reviewed and approved by the 
Cabinet Office and/or the relevant Departmental Data Protection Officers (DPOs). 

Where evaluations are commissioned by the Cabinet Office, individual departments may 
sign MoUs with the Cabinet Office, while the Cabinet Office’s contract with the evaluator 
includes a DSA outlining equivalent provisions for purpose, legal basis, security, retention, 
and deletion. 

Recommendations 
​
Workforce records can provide valuable insights into the effects of management and 
leadership training. Do such programmes improve managers’ performance, retention, 
promotion trajectories, and health outcomes? And do they also benefit the team members 
of participating managers? Understanding these effects is essential for assessing the value 
for money of management and leadership training in the Civil Service. 

This report found that training evaluations using workforce records are feasible, but not 
without challenges in a context of separate training and workforce records, and separate 
workforce records held by each department. The feasibility assessment thus suggests 
several guideposts for the use of workforce records in training evaluations going forward:  

1.​ Sequence evaluation approaches along the theory of change.​
Workforce outcomes can only be expected to change if training meaningfully alters 
managerial behaviour or practice. Therefore, evaluations based on workforce 
outcomes should ideally follow earlier-stage evaluations – such as pre- and 
post-training surveys or qualitative interviews (cf. Schuster and Steenmans, 2026) – 
which establish that the training produced measurable changes in managerial 
knowledge, attitudes, and/or behaviour. If such evidence shows little or no change in 
managerial practice, it would be implausible to expect measurable downstream 
effects on workforce outcomes (for example, performance, retention, or promotion). 
In short, evaluations of training effects on workforce outcomes should be 
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undertaken only where earlier evidence supports the plausibility of such effects 
within the training’s theory of change. 

2.​ Focus on training programmes with 1,000+ participants and which have been in 
place at least two years. 
A well-powered evaluation requires workforce records for at least 1,000 managers 
who have participated in the training and at least 1,000 matched controls, with 
training participation occurring on average two or more years ago, and at least one 
year of pre-training workforce data. Focusing on large programmes also ensures the 
evaluation cost is proportionate to the evaluation benefits – in terms of better 
evidence on a large – and thus presumably important – management training 
programme. 

3.​ Focus on training programmes in which participants are concentrated in a few 
departments and begin with a single-department proof of concept.​
As an initial step, focus on evaluating the workforce outcomes of a large-scale 
training programme within one major department with sufficient statistical power to 
estimate effects. Working within a single department helps to sidestep many 
challenges associated with inconsistent workforce records across departments – 
such as differences in outcome variables and in variables used to construct control 
groups. It also substantially reduces the legal, governance, and stakeholder 
engagement burden (for example, requirements for MoUs and DPIAs), as well as the 
complexity of data cleaning, processing, and merging. By limiting the analysis to one 
department’s workforce data over time, this approach maximises analytical depth 
(through access to richer outcome variables and more rigorous control groups) while 
minimising resource requirements. Subsequently, expand evaluations to large 
training programmes in which participation is concentrated in few departments – at 
most three or four – with (mostly) commensurate workforce variables.  

4.​ Focus on training programmes with participants from departments with at 
least three years of consistent workforce records. 
To understand training effects on workforce outcomes over time, evaluators should 
count on at least two years of post-programme workforce data. Particularly for 
training programmes which are not randomly assigned to participants, evaluators 
also require access to pre-training workforce records to construct control groups 
with similar pre-training trends – for instance, in terms of performance and 
promotion trajectories. This requires access to, at a minimum, one year of 
pre-training data and ideally at least two years. 

5.​ Delay evaluations until sufficient data are available.​
Where programmes lack sufficient training participation to achieve statistical power 
for evaluations, it is advisable to wait with evaluation work until enough observations 
accumulate. Even without new participants, statistical power naturally increases 
over time, as additional months and years of post-training data increases power to 
analyse outcomes such as promotion and retention. 
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6.​ Verify early on whether departmental workforce privacy notices permit data 
sharing and initiate DPIA processes 
Data can only be accessed where privacy notices of departmental workforce 
systems permit data sharing of pseudo-anonymised or personally identifiable 
records for research and evaluation purposes. Evaluators should verify this early on 
for the relevant departments for the evaluation. Based on this verification, processes 
for participating departments to complete a Data Protection Impact Assessment 
(DPIA) and sign a Memorandum of Understanding (MoU) to govern the data 
transfers should be initiated early on to ensure a legal basis for data sharing and 
analysis is in place in a timely manner. 

7.​ Determine early on the process for matching training registration records and 
departmental workforce records 

Training registration records can be matched to workforce records using individual 
identifiers (such as names or email addresses). This requires either: evaluators 
having access to individually identifiable records; evaluators being seconded into 
departments to merge records; or departments merging workforce and training 
records themselves using evaluator-provided code, then sharing 
pseudo-anonymised records. As secondments can take time to organise, evaluators 
should clarify early on whether departments are willing to share individually 
identifiable records or have capacity for merging records in the department. In the 
absence of either, a secondment is required. 

The potential for cost-effective use of workforce data in evaluating training effectiveness is 
likely to expand significantly over the medium term. As noted above, the planned 
introduction of a unique Civil Service Identifier will make it possible to trace civil servants 
across departments (Government People Group, 2025). In parallel, the Interoperability 
OneData programme aims to enhance the sharing and use of people data across the Civil 
Service.  

Together, these developments would represent a step change in the ability to use workforce 
records to evaluate the effectiveness of training. They would substantially reduce the time 
and resources required for such evaluations, enabling the Government People Group to 
mainstream and automate evaluations of workforce outcomes across training programmes.  
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